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A B S T R A C T

Lawrence et al. run a field experiment on Yahoo Finance which randomly promotes some earnings stories. They find that firms in promoted stories
have higher contemporaneous returns. I begin by reviewing the media and finance literature and discuss the difficulty in solving the identification
problem Lawrence et al. wish to solve. I then discuss how their results fit with existing theories of attention and suggest some changes that could
help pin down which theory best explains the results. Finally, I discuss possible directions for future research.

I would like to thank John Core (Editor) and participants at the 2017 Journal of Accounting and Economics conference for their comments and
suggestions. All errors here are my own.

1. Media and asset pricing

There is now a well-established relationship between media coverage and stock price movements. When a firm has media cov-
erage, it typically has more trading volume and more volatility compared to days when it has no media coverage (Tetlock, 2010).
Moreover, firms with high levels of media coverage have lower ex-post returns (Fang and Peress, 2009) and the textual sentiment of
media articles predicts returns in the days ahead in the same direction as the sentiment (Tetlock et al., 2008).

The key question – and the question in Lawrence, Ryans, Sun and Laptev (LRSV) – is whether the media is causing any of this
market response. After all, media coverage is the non-random choice of profit-maximizing firms (Gentzkow and Shapiro, 2010). The
factors that influence these media coverage decisions could be the same ones that affect the market response.

Take, for example, a day when the Wall Street Journal (WSJ) writes an article about Walmart's earnings announcement. Given the
previous literature, we know Walmart is more likely to have an extreme return and more trading volume on such a day. It is possible
that the WSJ article causes the abnormal volume and return. It is also possible that some other factor – such as the earnings an-
nouncement - jointly causes both the article and the market response. In the former case, financial media play an important role and
should be the subject of future research into the incentives, biases and consequences of their reporting. In the latter case, financial
media play only an incidental role and become far less interesting. Solving this identification problem has been an important ob-
jective of the media-related literature in finance and accounting.

2. Solving the identification problem

To date, the literature has taken three approaches to solve the problem.

2.1. The time-series approach

Under the time series approach, authors compare media coverage and the corresponding market response at different points in
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time. In the context of the example above, Walmart's trading volume and return would be compared on days it received WSJ coverage
with days it did not.

The challenge with this approach is clear: days with media coverage are likely to have more information arrival than days without
media coverage, and it is this difference in information arrival which causes the differential market response. Thus, the time series
approach will only be as successful as the authors’ ability to show there are no differences in information arrival between the days
with and without media coverage. For example, Huberman and Regev (2001) describe the case of Entremed stock which increased
fourfold overnight following a New York Times (NYT) story about its cancer treatment process. The authors go through the NYT story
carefully to be sure that no new information is being disclosed; in fact, all of the information in the NYT story had been released in the
journal Nature and other media outlets months earlier.

The time series approach can also be successful if authors can show that the choice of media coverage is unrelated to the
information arrival. For example, Dougal, Engelberg, Garcia and Parsons (2012) exploit the scheduling of columnists at the WSJ in
order to vary media content in a way which is arguably unrelated to information arrival. Peress (2014) exploits newspaper strikes in
France, Greece, Italy and Norway in order to achieve plausibly exogenous variation in media coverage.

2.2. The cross-sectional approach

Under the cross-sectional approach, authors compare the behavior of those who are treated with media coverage with those that
are not following the same information event. Returning to our Walmart and WSJ example, the cross-sectional approach would
compare the trading behavior of those who saw the WSJ article about the earnings announcement with those that did not. Critically,
the event, an earnings announcement, is held fixed and the relevant source of variation comes from those who saw the WSJ coverage
of the event and those that did not.

The cross-sectional approach has been used successfully in the economics literature which considers the effect of media bias on
political outcomes. For example, DellaVigna and Kaplan (2007) employ this approach when comparing the voting patterns of the
2000 presidential election in areas whose cable companies carried Fox News with those that did not.

Engelberg and Parsons (2011) employ this approach in a study of local newspaper coverage of earnings announcements. For a
given earnings announcement, they compare the trading behavior of investors whose local newspaper covered the announcement
with the trading behavior of investors whose local newspaper did not.

The benefit of the cross-sectional approach is that we no longer have to worry about differences in media coverage coming from
differences in informational arrival because there is only one event in the cross-sectional approach. However, the cross-sectional approach
has its own problem: the cross-sectional treatment of coverage may not be random. For example, perhaps areas that choose to carry
Fox News are correlated with factors related to voting outcomes, and perhaps the areas which choose to cover an earnings an-
nouncement are correlated with factors related to trading outcomes. For example, maybe the Atlanta Journal-Constitution is more
likely to cover a Walmart earnings announcement than the Seattle Post-Intelligencer because there are more Walmart stores in Atlanta
and investors in Atlanta are more interested in Walmart stock. Thus, the cross-sectional approach will only be as successful as the
authors’ ability to show that the cross-sectional treatment is random or their ability to exploit some exogeneity in treatment among
the cross-section. DellaVigna and Kaplan (2007) show that the rollout of Fox News across the country had more to do with cable
company mergers and acquisitions than local politics. Engelberg and Parsons (2011) exploit local weather events, like blizzards and
thunderstorms, to create exogenous variation in the delivery of local media to local investors.

2.3. The experimental approach

Both the time-series approach and the cross-sectional approach have a weakness. Specifically, coverage choice in the time-series
or cross-section may be non-random and related to the market response. The experimental approach attacks this weakness directly by
randomizing coverage explicitly.

Under the experimental approach, media coverage is randomly assigned to agents and, by doing so, the econometrician can be
sure that the choice of coverage is unrelated to the underlying events. Now if the econometrician finds a correlation between
(randomized) media coverage and a market response she can conclude that the media coverage is causing the market response. This is
the approach taken in LRSV and, to the best of my knowledge, the first paper to execute the experimental approach in an accounting
or finance journal in order to solve the identification problem described above.

2.3.1. The experiment in LRSV
LRSV execute the experiment on Yahoo Finance between May 12, 2016, and July 28, 2016. As of April 2017, Yahoo Finance was

the most popular financial news website in the U.S.1 For firms with earnings announcements during this period, LRSV randomly
select a group of firms to promote to 1% of Yahoo Finance users. Promotion means placing the firms’ earnings stories on the
homepage for these Yahoo Finance users. Control firms are size-matched firms which do not receive promotion.

Although the executed experiment has some shortcomings, which I discuss later, the authors deserve credit for introducing this
approach to the media and finance literature. If future authors are able to convince media companies to execute experiments like
these, LRSV will almost certainly be a springboard for this work.

1 See https://www.similarweb.com/blog/us-media-publications-ranking-april-2017
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3. Interpreting LRSV's results

LRSV's experiment randomly promotes some stocks’ earnings stories to the front page of Yahoo Finance and looks for the effect on
these stocks’ trading volume and return. Intuitively, these earnings stories will receive more attention from investors. Therefore, the
natural place to start when thinking about LRSV's results is the literature which concerns investor attention. That literature argues
that investors have limited attention and can only allocate so much attention across a near-infinite amount of information events and
sources (Simon, 1971; Hirshleifer and Teoh, 2003).

The attention literature makes an important distinction between two cases when making predictions for volume and return. In the
first case, news is value-relevant. In this case, the empirical evidence suggests investors underreact. The academic literature finds stock-
market underreaction to earnings news (Bernard and Thomas (1989)), equity issuance news (Spiess and Affleck-Graves, 1995), equity
repurchase news (Ikenberry et al., 1995), insider trading news (Cohen et al., 2012) and customer earnings news (Cohen and Frazzini,
2008). The attention literature predicts that attention shocks towards value-relevant news will lead to less underreaction to that news.
For example, Hirshleifer et al. (2009) find larger earnings response coefficients and less post-earnings announcement drift on earnings
announcement days with fewer distracting events (i.e., more attention).

In the second case, when information is not value-relevant, Barber and Odean (2008) argue that attention shocks lead to net
buying by retail investors because retail investors rarely short-sell. This uninformed buying creates price pressure which temporarily
pushes up stock prices, leading to an eventual reversal.

Because earnings news seems value-relevant, I would expect the LRSV experiment to pertain to the first case. In this case, I would
expect to find the media effect causes more page views, larger earnings response coefficients (ERCs) and less post-earnings an-
nouncement drift (PEAD). Oddly enough, the authors find none of this. They find no more page views among the treatment group
(Figure 3.A and Table 4). They find larger ERCs for positive earnings but smaller ERCs for negative earnings (Figure 3.E) and find no
evidence of drift in either sample within 10 days of the event (page 18).

Even if we view the Yahoo Finance earnings articles as not value-relevant (the second case), the results do not entirely line-up
with the Barber and Odean (2008) hypothesis either. The authors do find price increases for the treated firms (Figure 3.C and Table 4)
which is consistent with the Barber and Odean (2008) hypothesis. But they find no evidence of abnormal trading (Figure 3.B and
Table 4) and no evidence of reversal within 10 days of the event (page 18).

In short, LRSV has its strengths and weaknesses. From a procedural point of view, it does an excellent job designing and executing
the first experiment of its kind meant to solve the identification problem in the media and finance literature. Its weakness lies in
connecting the results of the experiment to a coherent asset-pricing theory. The authors cite Barber and Odean (2008) as the theory
that explains their evidence, but it is only consistent with some of that theory's predictions. Most notably, how can LRSV's results be
consistent with net buying following an attention shock, as in Barber and Odean (2008), if there is no evidence of net buying?

4. Suggestions for future work

One reason why LRSV's results may not paint a coherent story is the experiment's lack of power. Specifically, the 169 treatment
firms and the promotion to only 1% of Yahoo Finance users may not have been powerful enough to detect an effect on volume and
page views. In fact, LRSV perform some calculations which suggest this is the case (page 18–19). Unfortunately for LRSV, the size and
scope of the experiment were not under the authors’ control: ``The sample size for the experiment in this study was restricted by
Yahoo's internal prioritization of resources and was not under the control of the authors.'' (page 18)

4.1. More powerful experiments

The lesson for future experiments of this kind is to increase the ex-ante power of the experiment. Specifically, future authors
should use the results in LRSV and in other empirical work which relates views/viewership and returns and volume (e.g.,
Engelberg et al. 2012) in order to make ex-ante calculations about the sample size necessary to detect effects. Researchers should be
reluctant to enter into an agreement with a media company that cannot promise a sample size necessary to clear the thresholds
determined in these calculations.

Moreover, researchers should consider targeted treatment in order to have the power necessary to detect effects. For example, less
power will be necessary to detect effects among smaller, less liquid stocks. This is because retail traders are more likely to traffic in
smaller stocks (Lee et al., 1991) and less trading will be necessary to have price-pressure effects in these stocks (Engelberg et al.,
2012). Thus, if future researchers have constraints concerning sample size, they should allocate larger treatment samples among
smaller stocks.

4.2. A deeper examination of financial media as a medium for disclosure

With LRSV, we now have evidence from three different approaches – time series, cross-sectional and experimental - that financial
media have causal effects on important market outcomes. It does not appear that financial media merely reflect market conditions.
Media can cause them to change. Sometimes these changes can be quite dramatic, as in the case of Entremed (Huberman and Regev,
2001).

Establishing casual effects for financial media is the point of departure for a larger research agenda. If media can cause investors
to behave in a way they otherwise would not, then understanding the incentives and potential biases financial media have when
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making their reporting choices is an important next step. While this work is beginning (e.g., Reuter and Zitzewitz, 2006; Gurun and
Butler, 2012; Ahern and Sosyura, 2014), it is in its infancy. As a comparison, there is ample evidence that financial analysts have
causal effects on market outcomes and many papers have been written which examine the incentives, biases and mistakes of these
information intermediaries (e.g., Lin and McNichols, 1998; Michaely and Womack, 1999). As of the writing of this discussion, I find
538 papers in the top three finance journals and the top three accounting journals with the word ``analyst” in the title. Among those
same six journals, I find 51 papers with the word ``media” in the title.

After establishing causality from financial media, there are many avenues to explore. First, journalists have several choices to
make when they write an article: Which firms should be reported on?; Which events should be covered?; Should the article be
positive or negative?; and so on. Do we observe any systematic biases among journalists when making these choices and, if so, which
firms win or lose from these biases?

Second, the relationship between firms and journalists should be scrutinized in the same way the relationship between firms and
analysts has been. Financial media want access to newsworthy firm information, and firms want positive media coverage (Dyck and
Zingales, 2003). How do these joint incentives affect the articles we see journalists write in equilibrium? Do we find evidence that
investors understand these incentives when consuming financial media?

Third, the media landscape has changed dramatically over the years. Fifty years ago, the power of financial media was con-
centrated in the hands of a handful of media companies. Today, the landscape is decentralized, with hundreds of media sources
competing for the eyeballs of the investor universe. How has this changing landscape affected the kind of information being reported
by financial media?

After establishing the causality of media effects, these questions, and others which concern financial media as a medium for
disclosure, seem like the next logical step for the literature to take.
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